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Technologies vs Skills: Checkpoint #1

ADuring lastyears, public opinion has fdowsedday predictions
of massive job losse#sile mostrecent predictions regarding Al are
changing the landscape.

A Al tools move the burden of processes from humans to technolo¢
augmenting human capabilities. As more tasks are performed by
automationumans are free to engage In iglhertasks

AForexample, Gartner predicteyd 2820 Al will actually create more

jobs than it elimingtasd it cited taéent shortage as the top
emerging risftecing organizations today
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Human vs Al: an example
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Al executes repetitive tasks
€ and | et people focus on valuw
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Butthings are notso simple...

«Data is growing exponentially. Training of Al models requires huge quantities of diverse
data sets, data types (structured, unstructured, and semistructured) and age (batch to real

time). Data quality is critical for utility of Al models»

«Trust is critical for widespread Al adoption. Unfortunately, the" ethics of Al"
have yet to catch up with the technology, leaving potential for bad Al as well
as good. Bias in Al models is just beginning to get attention»

While automation, business agility, and customer satisfaction are the primary drivers for

Al initiatives, cost of the solution, lack of skilled personnel, and bias in data have held
organizations from implementing Al broadly

Source: IDC report #2U S 45334 7 Wy 2019
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New Paradigm: Approach to the problem

U Static i Steps to produce expected output are
coded

Dati
Qf;\\ﬁ Output U Rules-driven 7 Very difficult to scale when
Tt @ 4

complexity grows

U Can not generalize i Difficult to handle special

cases and exceptions

u Dynamic T may evolve when input changes by
identifying new patterns

Dati
‘r?‘«?Q‘“% Logica u Data-driven 7 enables knowledge discovery
E:‘,Jﬁ | ;

@ . _
i U Can generalize T may adapt to exceptions and
Output special cases
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New paradigm: extended capablilities Iin action

Structured Visual Sentiment Entities Concepts

Recognition

Unstructured Language Element Document And Atbased
Translation ClassificationderstandingM o r e é Applications
Collect Enrich Apply
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New paradigm: main challenges

Without expensive Data Science resources h
O multiple Al models in a production application.
60 /O 1. Very difficultttack and measum@icators
. . of business success in production
of companies segulatory constrairats a

barrier to implementing Al. _ _
C Bw BV A 2018 2. Impossibletemmchsubtle domain knowle

into Al models in production

3. No way walidatef Al models will achiev

63% expected business outcomes

4. Riskviolatingegulatory and enterprise

cite availabilittecdhnical skiléss a governance requirements
challenge to implementation.

-IBM IBV Al 2018
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New Technologies and Fairness: The Bias Problel
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h Ql 4 - INFUSHE Operationalize Al with trust and transparency

Al
3 - ANALYZEScale insights with Al everywhere

2 - ORGANIZECreate a trusted analytics foundation

10

1 - COLLEGMake data simple and accessible

MODERNIZE
Data of every type, your data estate for an
regardless of where it lives AI and mU|tiC|OUd WOrld
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